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[ music in background ]

Yun 00:07
Hi, I'm Yun Lee.

Rae 00:08
I am Rae Parnell.

Yun 00:09
And we're the hosts of BARTALK.

Rae 00:11
BARTALK is a lecture, performance, and storytelling series that usually takes place
in different bars in the Hague. Each of our podcast seasons has a different theme
featuring one guest per episode offering their unique perspective. We also ask
questions from our listeners.

Yun 00:26
We're happy to be back with our fourth BARTALK podcast season. This edition is all
about translation and transcription. We'll be talking to a clinical data scientist, a
graphic designer doing research on scoring social dances, a translator, and a sound
artists translating mosquito sounds into human language.

Rae 00:45
Our very first guest is Ahnjili Zhuparris. Ahnjili is a New York born, Hong Kong raised,
Netherlands based clinical data scientist. Her PHD focuses on algorithms that can
detect illnesses based on data sourced from mobile devices. She's also passionate
about the exciting yet disruptive forces of AI and the internet.

Yun 01:08
We will be interviewing Ahnjili about surveillance, what goes into the process of
collecting and translating data, ethics, dating and AI, predictive policing, and more.
Just a note, there will be brief mentions of violence and sexual harassment in this
conversation. Let's welcome Ahnjili to the studio.

Rae 01:37
Okay, hi, Ahnjili. Welcome to the studio.

Ahnjili Zhuparris 01:39
Thank you for having me, pleasure to be here.



Yun 01:41
Yeah, so you've been working in different fields, including biomedicine and
neuroscience. But in this interview, we want to focus on your current work as a data
scientists. So first of all, what is a data scientist?

Ahnjili Zhuparris 01:53
Sure, so as a data scientist, I like to think of myself as a chef. So basically, a
company will hire me, they'll say, "Hey, I have all these raw ingredients, aka data...
And we need to make it intoa palatable message or information." So basically, I get
the raw ingredient and then I try to make these ingredients into a meaningful
message that the company can use to go forward. So for example, currently, for my
work, I get smartphone and wearable data, you know, such as location data, noise,
data, accelerometer data, and I tried to use that to figure out if someone is
depressed, manic, if they have Muscular Dystrophy and so on... But 80% of the
time, my work is just about preparing data, and the other 20% it's just about
complaining about the data set.

02:48
[ laughing ]

Yun 02:50
Okay, so you're actually not necessarily in charge of collecting the data yourself.
You'recurating it, translating it.

Ahnjili Zhuparris 02:56
Exactly.

Yun 02:56
Okay, cool. Yeah, that's good, to know. So how did you end up getting into this field?

Ahnjili Zhuparris 03:01
Yeah, it's a bit of a non traditional route. So my bachelor's was in neuroscience, and I
actually wanted to specialize in psychedelic research... And so I was looking for
different avenues, different universities that would offer me the opportunity... And I
was talking to one researcher in this field, and they're like, just go to the Netherlands,
I'm sure you'll find a professor who would be willing to supervise you for your
psychedelics project... And I did, I got really lucky. So I went to the Donders
Institute... And during my master's, I was studying the effects of LSD, mindfulness,
and Ritalin on cognition... And during that process, I actually started learning about
machine learning, and AI as part of my course. So when I graduated, I was like,
maybe I should continue doing psychedelic research... And I couldn't find a position.
So I was like, in the meantime, while I wait, I'll just become a data scientist, because
the... my other interest is just the internet... And I read this book called Everybody
Lies, which is all about how your internet searches can reveal your deepest, darkest



secrets... And so when I graduated, I became a data science consultant for a startup
acceleration company... And yeah, I haven't looked back since.

Yun 04:22
Okay, wow, so you're just a data scientist in the meantime.
E
Ahnjili Zhuparris 04:28
[ laughing ]

Ahnjili Zhuparris 04:29
It's like, I actually... I would like to stay in this field. I very much enjoy my research.

Yun 04:35
So if anyone offered you position having to do with psychedelics, you would still…

Ahnjili Zhuparris 04:40
Yeah, I think I would still stick with my current work.

Yun 04:43
Okay, cool. Nice.

Rae 04:44
Yeah. Nice. Okay, so speaking of health, we wanted to talk to you about your
research called Menstrual Cycles, 50 Cent and Right Swipes... Where you track your
internet use in relation to your menstrual cycle. So can you share with our audience
what exactly you were researching, what your method was, and what some of the
results were?

Ahnjili Zhuparris 05:03
Yeah, sure. So I think four or five years ago, I came across the quantified self
community, which is a community that basically uses different types of technologies
to track your own health or behaviors and whatnot. I just thought it was very
fascinating... And I saw that there was a quantified self conference in Amsterdam. I
was I really want to go, but the prices are too expensive. So I emailed the organizer,
and he said: Well, if you give a talk, then we could just give you free ticket. It was
like, all right, let me think, what am I tracking currently?

Ahnjili Zhuparris 05:39
I realize, unintentionally, that I have been tracking everything on my computer, and
through various smartphone apps. So I have been tracking, like, you know, what kind
of YouTube videos I was watching how much time I was spending on various
people's Facebook profiles… And everyone's you know, shopping behaviors are also
tracked through, you know, email confirmations, or through these company websites.
I was looking at my smartphone apps. I



was like, okay, well, I was tracking my menstrual cycle, I unintentionally started
tracking who I was saying yes to on Tinder. I was taking screenshots of everyone
that I said yes too, or right swipe to, and I was like, there's a story in here. Let me
look into it... And I did find some trends,
actually. So for example, for my Tinder swipes, I found that I would typically say yes
to people who had animals, or particularly dogs and their profile pictures... And I
realized that a lot of the profiles didn't contain photos of people standing in front of
their cars, not attracted to car people, for whatever reason... And yeah, usually the
fewer the clothes, the better. So if they were shirtless, great if they were in short
shorts, great. So that was fun.

Ahnjili Zhuparris 06:56
And then I was looking at the days of my period, and then how they link back to my
YouTube searches. So I found one interesting thing, which is, I would only listen to
50 cent when I was ovulating. That's no longer the case now. [ laughing ] For a year
or two that was the case. I don't know if it was also YouTube's recommendation
algorithm, if they like realize that it was periodically listening to 50 cent or two or
three days every month... And then I also found that I was buying more red color
items when I was ovulating as well. Yeah, I just thought that this was fascinating,
because I always thought that my menstrual cycle would never affect my behavior
and let alone my internet behavior. But apparently, it was the case. [ laughing ]

Yun 07:43
How long did you do this for?

Ahnjili Zhuparris 07:44
Oh, yeah. So I think for the internet searches, and my menstrual cycle that was
about two years. For the Tinder swipe. it was only for... I think, three, four months or
so. Yeah-

Rae 07:55
Yeah. Okay... And so as you were collecting the data, did it change your own
behavior? Or maybe the results?

Ahnjili Zhuparris 08:02
Oh, yeah, definitely, actually. So I stopped listening to 50 cent on the regular.
Occasionally… But I consciously tried to change the time by listen to him. Actually I
don't even listen to him anymore. But upon looking at my shopping purchases, I was
baffled by how much money I was spending... And so not only did I look at my
buying red items or not but it was also looking at is this a good use of my time and
money? So it did affect it, but not necessarily in the way that I thought it would, yeah.



Ahnjili Zhuparris 08:39
But I realized that I went through this phase where I was like, I should just quantify
everything in my life and just see what impact does quantifying my life have on my
actual life? So I realized I started quantifying like, how many vitamins I would take
each day and whether or not that affected my menstrual cycle, which it did, I was
really surprised and grateful for. So don't forget to take iron vitamins [ laughing ]. But
then it was also consuming my life. So for example, I had this hunch that I was
growing more and more chin hair. So then I was spending time, like quantifying how
many chin hairs I was squeezing out... And I was like, this is too much... like I'm
spending too much time trying to document this and spending too much time
counting this... And, you know, since the number of chin hairs can fluctuate every
day, every week, like I was feeling bad if I was puking too many chin hairs... And if I
had fewer chin hairs, then I was like but what is the correlation? What is the
connotation?

09:44
[ laughing ]

Yun 09:44
Oh my god.

Ahnjili Zhuparris 09:47
Yeah, I realize it's not healthy for me personally, to be so obsessive about the small
things in life.

Yun 09:53
Okay. Was it easy to let go?

Ahnjili Zhuparris 09:56
Yeah, after a while I was like, oh, I feel so relieved. [ laughing ] Yeah it was very easy
for me to like, let go.

Yun 10:03
Good to know. So we have a couple of questions from the audience, we usually
leave them to the end. But these were asked... basically, I wanted to ask this
question, and they did it better. But the question is basically, can you help us
demystify the process of collecting data and translating it into something useful? So
for example, Mosa from Brussels asks: How are wearables able to measure things
such as blood sugar levels? And how can that data be aggregated without making
false assumptions?



Ahnjili Zhuparris 10:31
Oh, yeah, this is a great question, actually... And this is a question I'm still asking
myself because I work for a company that collects this data. But we're not the
manufacturers of these devices... And so for us, measuring something like blood
sugar, or heart rate, or blood pressure, is still somewhat of a mystery for us, because
a lot of these algorithms are hidden behind patents and lawsuits. So I don't know...
And it makes me deeply uncomfortable, because I'm building my research on these
data sets that are curated by other people... And I honestly don't know how reliable
these algorithms are. Because algorithms are not static, they develop over time, like
a company might use the data set from 2016, and then add a new data set in 2017,
2018. They might find bugs, they might update their software, they might update the
sensor. So we don't know how reliable an algorithm is, at any point in time... And
when they do report their metrics like accuracy or precision, we're typically not aware
of which population that they're using to detect the data. So for example, it might be
that they have a racially diverse population, but they might only recruit people who
are healthy... And so if an obese person is also using the same technology, we don't
know, if their blood pressure or blood sugar levels are being monitored as accurately
as someone who's not obese.

Yun 12:15
Whoa, okay. I had no idea there was no communication between those two phases.

Ahnjili Zhuparris 12:20
Oh, yeah, yeah, it's quite shocking. I mean, typically, the companies like, you know,
Fitbit, or the Withings watch, or Apple Watch... they'll report a white paper and say,
these are our results. But if you want to go any deeper than that, it's you have to fight
tooth and nail.

Rae 12:37
Really?

Yun 12:37
And is that common across the board?

Ahnjili Zhuparris 12:39
Yeah.

Yun 12:40
Okay.

Ahnjili Zhuparris 12:40
Yeah. One of the reasons why a lot of companies just turn a blind eye to this
approach is just that if everyone is using the same technologies, they we'll have the
same issues... And it's not a personal problem... And yeah, it's a bit unnerving.



Yun 12:59
And Luke also asked... well, it's kind of like on top of this. If you're collecting metrical
data, how do you contextualize that data? And what decisions go into that process?
So more into the translation part.

Ahnjili Zhuparris 13:09
Oh, yeah, that's also a great question. Also a big question in the field. Because, how
do I say this, we're still deciding on which contexts are relevant. So for example, if
we looked at a depressed population, and let's say we want to measure how social
they are, by looking at their call logs. If two people make five phone calls in the same
day, we don't know if the quality of those phone calls are the same, without diving
deeply into the actual phone call itself. So for example, these two people make five
phone calls, one person could just be talking to their internet provider the whole day,
and complaining about lack of service, while the other person could be arranging
funeral arrangements... And those two people are having totally different days. But
for us, we just know that they're having the same five phone calls each day... And
that seems like a very simple choice.

Ahnjili Zhuparris 14:07
Another type of biometric that's commonly measured to assess depression is sleep.
But we also know that some depressed people don't sleep at all, some depressed
people sleep all the time, insomnia, or hypersomnia. But then, how do we
distinguish? Or how do we classify? How do we say that both of these people are
depressed? Because there's no normal sleep pattern. We can say eight hours. [
music in the background ] But if you slept, I don't know, six, seven hours last night?
Does that mean you're healthy? If you only slept for hours, because you had the time
of your life last night at the club, does that also mean that you're depressed? So it's
very hard to contextualize the data that we collect... And actually, I'm going to give
this an attempt. I'm going to try to make a film theory reference to this. So there's this
movie called The children of Men, highly recommend it. Great film. Dialogue is okay.
[ laughing ] There's a scene where Clive Owen goes to visit his brother or his cousin,
who happens to be an art curator... And he has all of these great artworks from all
over the world... And he has one of Picasso's very famous paintings from World War
II, can't remember what's called off the top of my head. But it's a picture depicting the
fascist era in Spain... And now it's currently in his family member's dining room. So
that painting is still a great painting. But once you remove it from the context, it just
becomes another ornament. So one of the greatest issues with data science or data
collection right now, is that we're collecting a lot of data. But that data is only a form
of abstraction of someone's experience, we totally remove the contextual human
element of it... And the meaning of that data can easily be lost once it's distilled.

16:05
[ Music fades ]



Yun 16:07
Then, I mean, as a data scientist, like, it's your job to translate into something useful,
right? And so what is the current approach to do that in the best way? Or like, what is
your approach?

Ahnjili Zhuparris 16:18
Yeah, it's a good question. For me, this is cheating a little bit. But my approach to
developing context is to identify the location of which the activity is happening in. So
for example, back to the phone calls. So if the phone call is happening during work
hours, I'll just assume that you're working. But if the phone call is happening, you
know, right before you go to bed in the middle of the night, I'll say, this is a personal
phone call... And so then I'll compare the number of work calls with personal calls, or
if you have any personal calls at all, and then try to infer if that call is actually
relevant or not. So it's one approach, I don't know how other data scientists
approaches currently, on a small note, if I can just add this in. I'm also trying to get
my own time look at who is sharing the data, or what type of person is providing this
data. So for example, I think on Twitter, they developed this hate speech detection
tool a while ago… And then there was one researcher who was looking at, you know,
which subgroups on Twitter were deemed the most hateful... And I believe that drag
queens came up...

16:24
[ Laughing ]

Ahnjili Zhuparris 17:26
As the population with the most hate speech. And it was only because you know, the
term bitch kept coming out. But obviously, they made it in a loving, caring, supporting
way and not as a derogatory term... And so we have to really consider like, who is
providing this information? And then develop a context around that.

Yun 17:59
And the cultural contexts.

Ahnjili Zhuparris 18:00
Yeah.

Yun 18:01
Yeah, I don't know. Sometimes it feels like it just kind of like grasping in the dark...
And like, well, a lot of the solutions that data scientists talk about when it comes to
like precision, and accuracy is about just getting more data.

Ahnjili Zhuparris 18:14
Yeah.



Yun 18:15
Is there no end to that? [ Yun laughs ]

Ahnjili Zhuparris 18:17
[ Laughs] Yeah, we're very data hungry community. I mean, at the end of every
paper, they're always just say: well, this was a relatively small data set, we need
more data... And I don't know if there is a proper solution to that, because I think at
some point, maybe a decade from now, we will have all the data that we need, and
we can infer or build accurate algorithms on top of that. But I don't always know if
that's the solution, because I think not enough data is the best argument that we
have for not implementing an algorithm.
E
Ahnjili Zhuparris 18:26
So for example, I hope this is not too off the tracks. But, for example, in China,
they're really big on facial recognition algorithms... And they approached the
government of Zimbabwe… And they said, We realize our facial recognition
algorithms are less accurate for people with darker skin tones. So why don't you give
us a database of you know, 10,000 or 100,000 photos of your citizens... And in
exchange, we'll give you your own facial recognition surveillance algorithm that you
can use to surveil your population. And, the government of Zimbabwe says it looks
great, right... So on one hand, you would think, you know, if you're more in the
diversity count, yes, this is the proper way to go, building datasets, having proper
representation, but I know for at least me, I'm probably for some of you, this still is v
uncomfortable... And that's probably because we're not worried so much about the
lack of diversity and the datasets, but we're worried about the applications of our
data sets. So I propose, let's not worry too much about diversifying the data set, we
should only really push forth when we know when and how an algorithm is going to
be used... And if we can govern those algorithms in the wild.

Yun 20:17
Nicley put.

Rae 20:17
That's very fair. I just had a quick question. Can you just help demystify the process
of data collection?

Ahnjili Zhuparris 20:24
Oh, yeah. Sure, and in a health context or just in general?

Rae 20:28
In a health context, I think.



Ahnjili Zhuparris 20:30
Okay, great. I have my own biases. But I have to say, as a clinical data scientists
working in the EU, where we have GDPR, the data collection process is pretty good.
Not as good as it should be, but still pretty good... And so for clinical trials, we
usually reach out to other hospitals or clinicians and we say, we want to do a study
on this population, can you refer one of your patients or someone who you think is in
need. So we're actually using professionals to do the outreach... And then once the
patients come in, we tell them, okay, this is what we're going to monitor. This is for
how long and we pay them, which is, I think, just. Because data is a very profitable
item, currently. But one of the reasons why I'm still slightly uncomfortable with this
notion, is because we can tell you what we're collecting, so let's say GPS or noise
levels... and you can say, oh, that's fine and dandy. But then once we tell you, well,
from your location, let's say, even if the location is, you know, somewhat skewed,
we don't know exactly where you are... But we know where you are within a one
kilometer radius, we can say: Well, now we know how often you go to a church or a
mosque, or a synagogue. We also know probably where you live. So how much
money you make, we know how often you go to other people's places. So we know
how social you are, or maybe even if you're a college student... And so these are
things that we don't typically tell the patients or I'm sure no company tells their
patients that what we're collecting can be used as a byproduct to measure
something else... And to be fair, I didn't even realize that we could do this until I
started looking into the data. So it's not like we're turning a blind eye to telling or
informing the patients about this. But there are unintentional discoveries along the
way.

Ahnjili Zhuparris 22:36
I was just thinking about this all the way here. I hope I don't go too far off the track.
But it's so hard to regulate, what we're going to measure and what could be
measured. So let's say in the next five years, your smartphone can measure the
smells in your environment, right? And you think, oh, smells, that's great. Maybe it
can tell me if I smell really bad, or if I smell really good before this date... And you
know, there's no personal information about that. Nobody's gonna blackmail me over
my smell. But then what if you can also use that smell to also infer someone's
location. So I used to live next to a chocolate factory... And then at the end of every
day, the whole area would smell like chocolate. So maybe someone who would get
my smell information can say, I have a good hunch that they lived next to this
chocolate factory, or it can also be used to detect, I don't know how cats do it. But
you know, identify if I have cancer, or if I'm dying. So that information, or when the
sensor was both, we'll just say, it's really great for smell there's nothing identifiable
about it. But down the line, there will be agents will, will be able to find out how this
information can be used for good or for bad.

Yun 23:52
Right. Did you really live next to a chocolate factory?



Ahnjili Zhuparris 23:58
Oh, yeah, yeah. I highly recommend it.

24:01
[ Laughing]

Yun 24:04
That's very cool. Okay, so we'll probably get back to this later. But let's turn to
another one of your projects Future Wake, which is an interactive web app that turns
the discriminatory practice of predicting policing upside down, instead allowing
citizens to predict police brutality. So can you tell us a bit about the starting point of
the project and what are your objectives with it?

Ahnjili Zhuparris 24:27
Yeah, sure. So Mozilla last year announced a grant for Black artists who were
examining AI. I was like, great, I think I fall into this category and I was very
fascinated by this other artists. Oh, I can't remember his name. Pablo something.
Sorry. Sorry to Pablo if you're listening to this, but he has this amazing project where
he was looking at the potential of reverse surveillance. So right now facial
recognition is used to identify protesters, let's say in the US of the UK... And he said:
what if I used the same technology to identify police officers who are protest? And
then he would print their picture, and perhaps some identifiable information and post
it on social media. I was like, this is a great approace and then I thought I would
really like to do something with reverse surveillance and AI... And in the US, and in
the Netherlands, lots of agencies use predictive policing, to predict when, where, and
who is going to commit a crime... And I thought we could do the exact same thing,
because there are quite a few databases in the US that monitor police related fatal
encounters. So my friend Tim, and I thought, let's do this, let's reverse engineer
predictive policing, and build a conversation around whether or not this is an ethical
approach.

Ahnjili Zhuparris 25:57
FYI, for those of you who are based in the Netherlands, there are two predictive
policing algorithms that are used in this country... And surprisingly, the Netherlands, I
think, is the first country to implement predictive policing nationwide, whereas in the
US, its as always, it's more regionalized, usually just per city. So right now, Tim and I
are using the fatal encounters and mapping police violence datasets, to predict
when, where and who the next victim will be... with who we've taken a more creative
approach to that. So it's not at all statistically relevant. But we have images of all the
previous fatal encounter victims... And we're using generative AI to generate their
faces... and one of the reasons why we're taking this approach, is because we don't
want to communicate with people in numbers, because numbers only go so far. But
when you see a human face, there's much more of a story, even if it's just one face.
So we're trying to show that at the end of these predictions. It's not as simple statistic



is the actual person who's going to be affected by this. Yeah, so that's going to be
released later this summer, keep you updated.

Yun 27:16
Okay.

Rae 27:18
So we just looked it up,and the name is Pablo Celayes.

Yun 27:22
So when we're talking about predictive policing, we can't not talk about Minority
Report.

27:26
[ Ahnjili Laughs]

Yun 27:27
Okay, so for those of you who haven't read or watched Minority Report. It's a SCI FI
short story by Philip K. Dick. Which is later adapted to a film with... was it Tom
Cruise.

Minority Report Trailer Audio 27:36
[voice over] Tom Cruise

Minority Report Trailer Audio 27:36
[Tom Cruise] I need your help contain information I need to know how to get at it. I
have to know, I have to find out what happened in my life.

Yun 27:45
It was Tom Cruise, yeah. Consisting of a world where clairvoyant humans called
precogs are employed to visualize details of an impending homicide. Officers then
analyze the data in order to determine where, when and who is involved before the
crime can occur.

Minority Report Trailer Audio 27:59
[Tom Cruise] I'm placing you under arrest for the future murder of Sarah Marks. Give
the man his hat…

Minority Report Trailer Audio 28:03
[voice over] The future.... can be seen…

Yun 28:07
So would-be killers are immediately imprisoned in a benevolent virtual reality states.



Minority Report Trailer Audio 28:16
[ movie soundstrack ]

Minority Report Trailer Audio 28:17
[ Voice over:] Minority Report

Yun 28:21
So my question is, how far is this fiction from the current reality of predictive
policing?

Ahnjili Zhuparris 28:27
Oh, yeah. That's a great question. I so happy for Minority Report, because then I
could just tell people it's all about Minority Report.

28:34
[ Laughing ]

Ahnjili Zhuparris 28:36
I do want to add a caveat to say that Minority Report was released not too long after
9-11. So you can also imagine that the zeitgeist at the time was very much like, how
do we stop crime? How do we stop terrorism before it happens? And so, in Minority
Report, one of the precogs, I believe, accuses Tom Cruise of committing a murder...
Which he hasn't, it's in the future. But he's also like, how could I possibly commit a
crime as this futuristic, James Bond esque type character? And that's actually the
central issue with current predictive policing. Because, one, we don't know why the
precog or the AI says that we're going to commit a crime and two, even if you're
going to commit a crime or have committed a crime, you can't really fight with the
precog or AI. We can't really say, well, it was because, I don't know, this person was
a minority or this person has a criminal record... or because we think that this person
is going to buy a gun.

Ahnjili Zhuparris 29:41
So there are actually quite a few parallels with the Minority Report related issues in
the current predictive policing systems. But at least with AI, we'll get to a point where
hopefully, we'll be able to explain what is actually happening in the algorithm. What is
determining these statistics... but at least in the movie, we can bring the precogs. Or
you can blame Colin Pharrell, who I think was the one who's trying to sabotage Tom
Cruise, for the issues. But for predictive policing, we can't really blame any person or
party in particular. Because, you know, the police will say, we didn't write these
algorithms, these companies did, or at least in the Netherlands is slightly different...
Because the police collaborate with academic institutions rather than for profit
institutions. But then the companies will say, well, we're just using the data that we
have... And if the data is racially biased, because there are more arrests related
data... that's the problem with the police, because the police are bias. So it's this



constant like, finger pointing at other people. So the takeaway of this is that you
should Minority Report.

30:59
[ Laughing ]

Yun 31:01
Is the- are the predictive policing systems used the Netherlands used in the same
way? I mean, how are they used?

Ahnjili Zhuparris 31:08
Oh, it's the black box. I honestly, I'm not sure. My... all of the information that I got
about the Dutch predictive policing systems, it was actually through an assistant
professor in Utrecht, who specializes in virtual crime and the law... And she
happened by happenstance got into predictive policing as well. There's not that
much literature on it. So from my understanding, the Netherlands has two predictive
policing algorithms. One is called Siri, which I believe is no longer in use... And it was
a algorithm to detect welfare fraud... And at some point, citizens who had dual
citizenship were being tagged as having welfare related fraud for children
substitutes, or I don't know what the proper term…

Yun 31:58
Is this related to the recent Belasting scandal?

Ahnjili Zhuparris 32:01
Yeah, yeah, yeah, that's exactly it. So.. and then a lot of the families went to court
and they said: hey, why am I getting tagged? I'm not a criminal... And I believe even
one person committed suicide. So there were detrimental effects... And I believe the
Dutch court said, if you can't explain why the algorithm was labeling these people as
criminal, you can't use it anymore. So I believe Siri is on hold, I don't think they'll
completely end it, they just need to update their algorithm slightly. Sort of Siri 2.0...
And the other algorithm is called the criminal anticipation system called CAS and
CAS, from my understanding, does a whole bunch of stuff. So for example, they'll
detect burglary hotspots. So you know, if one burglary happened in this
neighborhood, you know, the chances of another burglary happening in the same
neighborhood goes up. Maybe the police will send you know, a helicopter or foot
patrol to check out the area that time.

Ahnjili Zhuparris 33:01
Well, I think it also is used to detect drug trafficking areas? Don't quote me on this, I
could be wrong. But so apparently, areas with highways are more likely to be related
to drug trafficking, because it gives a criminals easy escape route. There is also an
issue a few years ago, where Amnesty International wrote an open letter to the
Dutch policing- please end your CAS system. Because apparently it was unfairly red



flagging cars with Eastern European license plates... and those cars were pulled
over... And you know, check for drugs or random other items as well... [music in
background]... And so there are many facets to the predictive policing world... And
we don't know what they all are, which is also a bit unnerving as well. So I believe in
I think it was in Kafka, The Trial, and then on trial, the court or the justice system,
kept alluding that the police had information about the criminal... or about the main
character, but you never knew what or what it was. You just know that there were
some information on you. That is a bit unnerving. When you feel like you're being
prosecuted, and you don't know how or to what extent.

34:29
[ music fades ]

Rae 34:37
And I think as we're talking about, you know, surveillance and watching. Like a lot of
people associate collecting data with surveillance and so how - how does that affect
the community? Like what does surveillance do to a community?

Ahnjili Zhuparris 34:52
Oh, yeah. This is also a great question. So things I've been thinking a lot about for
me surveillance is about creating a power dynamic. Because the person who
surveils is the person who has the power here. So a very simple example of this is,
so let's say that there's a pervert on the subway who's exposing himself... And right
now, there's a power dynamic because the person who is exposing himself has
power over, I don't know, whoever is watching. But then, if one of the passengers
then takes their iPhone out, and then, you know, does a live stream of this person's
junk, the person with the phone then has the power switches, right? Because now
you can use that surveillance tool as a way of shaming the other person... And there
are other instances where the relationship with surveillance can change.

Ahnjili Zhuparris 35:49
So for example, if you're a drug user in New York, you know that surveillance camera
is used to monitor any illegal activity. So if you're a drug user, you may choose not to
be within view of that surveillance camera. However, if you know that there's going to
be a fight, you may choose to present yourself in front of the surveillance camera, to
document whatever crime could possibly happen to you. So I don't think surveillance
innately is a tool for evil, or for any type of perversion. For anyone, surveillance can
be a beneficial or non beneficial tool, like any technology. But we just have to be very
cautious about if we're willing to participate in a system of surveillance. I say this very
easily, because and I don't mean to, because surveillance, or the transfer of data is
the costs of being a citizen in a modern society. Like there's no way you're going to
be able to excel or to even live comfortably within this society without offering some
personal data. Wait, can I have the question one more time? I am not
sure if I answered it.



Rae 37:10
Yeah. So the question is just how does surveillance affect the community?

Ahnjili Zhuparris 37:14
Oh, yeah, I'm going to take the easy route... And I'm going to say it will affect
different communities differently. So…

37:24
[ laughing ]

Ahnjili Zhuparris 37:28
But I hope that the examples that I gave are ones that can be used to shine light on
the different examples of surveilled relationships.

Rae 37:35
Yeah.

Yun 37:36
Absolutely is a clear breakdown. Thanks. So going deeper into, you know, the
question of ethics. Everyone has a stake in how our data is collected and used. But
we'll come at it from a different angle and with very different concerns. So I'm kinda
curious about how the input of say activists or media theorists or lawmakers affect
the work of data scientists. What kinds of conversations are data scientists having
around ethics? And has this changed over the years?

Ahnjili Zhuparris 38:04
Oh, yeah, great question. This is something I'm wrestling with myself, because
whenever I meet other data scientists who are at least not scholars, in terms of data
ethics, or data activism. I feel that a lot of the conversations that we have, are
unfortunately, very performative. So we're all aware of like, data bias, or algorithmic
bias or even algorithmic violence... And we'll say: yeah, we need to diversify these
datasets, or we need to exclude certain identifiable factors. But rarely do I get to see
this translated in practice... And let's see... and I think that's one of two reasons.

Ahnjili Zhuparris 38:45
One, there are data scientists that work with, you know, relatively small, manageable
datasets... And for us, we'll say, well, we can't increase the size of our data sets or
include other people, because we just don't have that type of access... And even if
we were to include, let's say, a handful of people who are not typically represented in
our data set. They're outliers, or we're just symbolically adding them, but it doesn't
really make any difference. Other than for data scientists who work for big datasets,
we have the problem of saying it's simply too large. Like we don't know how to
review it. I mean, there are ways to examine big data, but it's never going to be
sufficient. So one example, but I can think of right now is... let's say, we're trying to



review the main causes of death for pregnant women in the US, right… And then you
can say, okay, we can take a dataset of all of the women who have been to a
hospital, and then look at their, like health related complications... And you know, that
could be fair, maybe that's a big enough data site is representative. But then when
you look at the health care of women, pregnant women beyond the hospital, and you
look at their related deaths, you'll see that the number one death of women... in the
U.S.,pregnant women in the U.S. are car crashes.

Ahnjili Zhuparris 40:13
And then the second most populous reason for death among pregnant women in the
US was actually murdered... And murdered pregnant women don't typically go to the
hospital, or maybe they do if they have the chance of surviving. But in most cases,
they've looked go straight to the morgue... And so then we unintentionally exclude
other information that could potentially be relevant. But at the time, the data
scientists, they don't have the imagination to collect data outside of the hospital.
So…

Yun 40:44
Yeah, that's a good point. Mentioning imagination, right. Would... do data scientists
regularly talk to people outside of your field?

Ahnjili Zhuparris 40:52
Oh, yeah. Yeah, this is one thing that has changed over the years, there is a push to
have conversations with people that are actually in the data set, to see if we
shouldn't be collecting that data. So like, you know, if we're building algorithms about
depression, let's talk about what depression looks like for that depressed person on
a day to day. Which is great, but it's still sub sampling. So if we were to only talk to
depressed people in the Netherlands, their opinions might differ quite drastically from
depressed people in the U.S... And actually, perhaps even better example would be
schizophrenia. From what I've read, hopefully, this is true, that schizophrenic people
in India tend to have a more positive associations with verbal hallucinations or voices
that they have in their head. Whereas in the West is mainly negative... And so if we
were to only interview like American schizophrenics, we might build a algorithm this
drastically different and not applicable to those in India. But then we will just, you
know, it's easier to just use the same schizophrenic algorithm on the Indian
population then to re interview them and redevelop it. So, yes. Yeah…

Rae 42:17
I think we have one final question. And then we'll get to the audience questions...
And we'll just do a fun one, because we saw that one of your upcoming projects is
called AI PickupArtists.

Ahnjili Zhuparris 42:27
Ah yes.



Rae 42:28
So we were wondering if we could get a little teaser about this.

Ahnjili Zhuparris 42:31
Yeah, sure. It's still very much in early stages. But I was thinking about giving a
workshop on how to build your own algorithm... And rather than, you know, building a
droid detection algorithm or some other generic stuff, I wanted to teach people how
to generate an algorithm that's specific to you, that's built on your own biases. So
then I was thinking, well, it's still in production. I'm still creating my own. That the first
stage would be data collection. So you will choose who you identify as attractive or
not people who you would want to have a drink with, or you sleep with and whatnot...
And from this data collection process, you can decide how laborious you want it to
be. So either, you can just type in attractive on Google and download everything, or,
you know, you can go to people's magazine... or some other gossip magazine... and
just choose their top 100 list.

Ahnjili Zhuparris 43:29
Or you can take it more personal overall, and find the images of every person that
you found attractive, or that you slept with... And you use that as your data set... And
then train your algorithm on this data set... And then deploy this algorithm in the
wild... And say, this person is attractive, this person's not, according to my taste...
And then the second part of this would be the actual picking up. So you can be as
creative with this as you like. So either you can have like a very generic pickup line,
which is like: Hey, girl, have your number? Or you could try to steal other people's
pickups lines. So you could say, Oh, I want to be as smooth as Barry White, [
laughing ] or Doja Cat or some other artists... train the algorithm and have like a
genetic or generative or generated pickup line that can be customized to you... And
then you can actually then see would this work for you, like could you automate your
own pickup process? Yeah, yes.[ laughing ]

Ahnjili Zhuparris 44:43
I should say, this is not AI related, but I got this idea from some freelance website
that I was working on and this guy said, I'm such a busy person... Can I hire
someone to basically go through my Tinder profile or whatever app he was using...
and then arrange dates for me… and then for every date that he got, he would like
pay you. I don't know, X amount of money a few 100 euros per date. I think…

Rae 45:13
What?

Ahnjili Zhuparris 45:13
Yeah, yeah... And then I was like, I'm too lazy to do this. Why don't I make that for
him.



45:20
[ laughing ]

Yun 45:21
So did you answer that ad or?

Ahnjili Zhuparris 45:22
Oh, I answered it, but I don't think he ever got back to me. [ music starts in the
background ] He planted the seeds, so I think that's an even better gift.

[ music continues]

Yun 00:02
We're gonna take a quick break for a word about one of our sponsors.

Rae 00:05
So when we first decided to start this podcast, we had no idea where to begin.
Luckily, we found anchor.fm, which is how we distribute it.

Yun 00:13
If you haven't heard about anchor, it's the easiest way to make a podcast. Here's
why: It's free and there are creation tools that allow you to record and edit your
podcast right from your phone or computer.

Rae 00:24
Anchor will distribute your podcast for you so it can be heard on Spotify, Apple
podcasts and other platforms. You can also make money from your podcast with no
minimum listenership, and is everything you need to make a podcast all in one place.

Yun 00:39
So download the free anchor app, or go to anchor.fm to get started. That's a n c h o r
dot f m.

[ music stops]

Yun 00:00
Let's go to audience questions!

Ahnjili Zhuparris 00:01
Yeah.



Yun 00:03
So first question is from Mosa from Brussels... and COVID times, how do data
scientists work when trying to figure out why infection rates have been higher in
some places than others? And what are the biggest challenges on these topics? I
don't know if this is a question for you? But if you know something…

Ahnjili Zhuparris 00:18
Yeah, let me think about it. I did read about this, actually, because there's a lot of
conversation about COVID tracking and surveillance. I'm not sure if this is a good
response. But I think one of the approaches that was used was Bluetooth tracking...
And that was used to see how many people were in your vicinity... And that also
brought up a slew of problems. I don't think I have a smooth answer for this. But I
can add the how COVID has affected my personal research, and then also on how it
has affected existing algorithms so far.

Ahnjili Zhuparris 00:56
So let's say with the rise of mask use, a lot of facial recognition algorithms weren't
working… And so they had to adapt, they would say: Okay, now we just have to train
the algorithm to detect people's foreheads and eyes... And so unfortunately, COVID
has like improved facial recognition algorithms unintentionally... And then the other
thing is, for my work, I don't have a big data set... and I only collect data for people
for a specific period of time, not continuously, not like forever. So, you know, there's
this question of, is a model that I train pre COVID still applicable during the pandemic
and post pandemic? Because let's say depressed people spend more time at home.
Well, what happens if everyone's spending time at home? Is everyone's depressed?
I don't know. So, yeah, global disruptive forces can also affect the efficacy or
accuracy of algorithms as well.

Yun 01:55
That's super interesting to know.

Rae 01:57
Yeah. We have a question from an anonymous listener. What role do you think
Western perception of technological advancement plays in the so called AI realism?
So they're thinking about films like I, Robot, West World, the Terminator, etc... And so
the question asker grew up with Japanese culture and mindset as a guiding point...
And it seems like there's a much brighter view on tech development than in the
West.

01:57
[ Laughing ]



Ahnjili Zhuparris 02:23
Yes, I totally agree with this. I was thinking about this the other day. Thank you, for
whoever wrote that question... And my theory is, I don't know if it's grounded at all.
But it also has to do with, I think, the role of slavery in western civilization as well.
Because sometimes based on what I have read, the language around AI, can be
somewhat parallel to language about human rights back... at least when we still had
slaves in the US. I mean, we still do it's... Yeah, I think you catch my drift. But like, so
let's say the conversations around Sophie or other AInrelated rights. Like, when does
AI achieve consciousness? When is AI worthy of having citizenships or human
rights? And it's like, is AI intelligent enough to be human? Which is the same
questions that we're asking... are slaves intelligent enough? Are they human
enough? Or they have full citizenship? Or should we just give them 3/4th citizenship
as well? So I wonder if that creates a parallel between... or if the master slave
dynamic has seeded a concern about hierarchy in western civilization. Because right
now we can say okay, humans over AI all day any day, but in these movies like
Terminator, Minority Report, no, sorry, not Minority Report, or…

Yun 03:51
West World.

Ahnjili Zhuparris 03:52
Oh, yeah…

Rae 03:53
I, Robot. Yep.

Ahnjili Zhuparris 03:54
Yeah, well, like in all these movies, all of these AI or robots are in the role of a
servant or a slave. They provide a service for the humans... And at least for West
World, or I, Robot. You know, these AI are questioning their role on society, and
whether or not they can or should be treated equal to their... I think mainly white
male counterparts. Oh, no, sorry. I didn't mean to throw Will Smith under the bus.

04:26
[ Laughing ]

Ahnjili Zhuparris 04:36
So, yeah, whereas with Japan, I don't know what the history of slavery is... like in
Japan, but I suspect it's not as potent as it is in the West... And so there is more
leeway to explore the synergistic relationship between humans and robots. It's my
theory.

Yun 04:57
All right.



Rae 04:58
Interesting theory.

Ahnjili Zhuparris 04:59
Yeah.

Yun 05:00
Michael from Rotterdam asks, from what I could gather from your projects, you have
a positive attitude towards AI... and believe it could be used for the better of
humanity… something that is generally hard to imagine when we know it is
developed and controlled by corporations and governments. Have you always been
an AI believer? And if yes, why do you think that is? If not, what changed your
attitude?

Ahnjili Zhuparris 05:21
Oh, yeah, this is a fascinating question. Because I have, I would say, a tumultuous
relationship with AI... And it's not that I think AI, by default can be used for good. But
I'm very much a believer in fight fire with fire. So if governments or corporations or
companies or any other institute is using AI for bad. Perhaps we can use AI, reverse
engineer it, and use that as a way of empowering citizens or individuals... And so in
that sense, as a method for rebelling against these technologies, I think we should,
as citizens, also try to empower ourselves with the same tools. Yes…

Ahnjili Zhuparris 06:11
So if I could just refer back to the artists I mentioned earlier, Pablo. So I think what
he did was very powerful, because for facial recognitions of protests, you know,
perhaps there's a portion of the population that says: Oh, this is fine, because they're
criminals anyway. So it doesn't matter if we minimize their rights or privacy. But then
once you reverse engineering to say: Well, what happens if we use against the
police, then you really bring the full argument to say, should we be using these
technologies if it can be used against anyone? Yeah.

Yun 06:49
Cool. Yeah. That's a really nice way to put it.

Rae 06:53
Yep. So we have one final question... And it's just from the two of us. So what do you
love about your job?

Ahnjili Zhuparris 07:02
Mainly, actually, that I can have conversations like this, as I could actively contribute
to the transfer of these ideas. Because I love talking about it. It's just is, I mean, it's
essentially gossip on an institutional level... Because I love telling people the stories



about, you know, predictive policing, or about, like, automating your pickup lines and
stuff like that. It really allows me to imagine utopian and dystopian scenarios... and
have a productive conversation after that.

Ahnjili Zhuparris 07:39
So I just mainly love talking about it. And so during my work, when I'm actually
looking at this data, or, you know, training an algorithm. I have this internal dialogue
to say, like, am I doing the right thing? [ laughing ]

Ahnjili Zhuparris 07:56
How could this algorithm be used for good or for bad? Because, yeah, I think, it's
facinating. If I could just add a little example to that as well. So a lot of the work that I
just that I'm doing it in a very controlled setting. But, you know, there are other
papers who have also published, you know, their research on detecting depression,
or bipolar and whatnot... And I feel that a lot of these papers are also being
published by social media companies unintentionally, you know, maybe they'll fund
the research... And, you know, we think mental health algorithms can be used for
good because it's a very, like, proactive stance. Like, let's detect if somebody is not
doing well before it gets too bad. But then, if you're a company interested in
marketing, and you try to, you know, mimic this research, you could then essentially
build your own manic or depressive algorithm... You know, use that on Facebook,
and you're like, Ah, this person is manic. So let's sell them one way tickets to LA or
Las Vegas, and then they can gamble their savings away. Or this person is
depressed... Okay, it's time for that Ben and Jerry's add. So, so on... [ music in
background ] So my research allows me to think of scenarios that are live and within
my world, I guess, is the best summary.

Yun 09:27
Yeah. Thanks so much for offering us a glimpse into the windows of all these
different dystopias and utopias. For our listeners, Ahnjili will be giving a two part
workshop on humanizing data and data expression here in The Hague at iii, that's
instrument inventors initiative in October this year, that's 2021... And you can check
this out on https://instrumentinventors.org/ if you're living in the area. Thanks again.

Ahnjili Zhuparris 09:55
Oh, thanks. Thanks so much for having me. This was fun.

Yun 10:16
Once again that was Ahnjili Zhuparris on this episode of BARTALK. I'm Yun Lee.



Rae 10:21
And I'm Rae Parnell. If you like what you heard, you can follow us on Instagram and
Facebook... And be sure to subscribe wherever you listen to your podcasts. We also
made a transcription of this episode, which you can find on our website. You can find
links to related resources in the show notes of this episode.

Yun 10:38
We want to thank Hans Poel for recording and editing these podcasts, Nia
Konstantinova for being our PR , Denise Lee for designing the banner and Sarafina
van Ast for transcribing our podcasts.

Rae 10:49
Thank you to iii for letting us record in their studio, Stroom Den Haag, Mondriaan
Fonds for supporting our program. And last but not least, we want to thank all of you
listeners out there tuning in.

Yun 11:01
Tune in next week when we speak with Karina Dukalska about transcribing social
dance and graphic notation. Until then.

11:14

[ music fades]


